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Chapter 1

Introduction

1.1 Problem Statement

This report aims at evaluating the impact of key design decisions on the performance and reliability of
database replication protocols being considered in the GORDA project. Namely, we are interested in the
detailed evaluation of concurrency control mechanims and in the interaction with group communication
protocols with realistic workloads and faultloads.

However, current methodologies of evaluation of replication protocols reveal themselves limited.
The existent studies report to analysis conducted in local area networks or in small scale scenarios. The
fact is that there are few chances to put together a wide area testing environment because that is not cost-
effective, does not provide full control over the environment variables as it does not enable deterministic
testing. Furthermore, although in local area environments there is more control over the environment,
there is still no deterministic execution and, as in the wide area, a full deployment of the software is also
required. These issues must be addressed when researching, developing, evaluating distributed replica-
tion protocols. Realistic and controlled performance evaluation of distributed and replicated applications
is still very hard to achieve, specially if one considers large scale scenarios and fault injection. Although
there are few testbeds [7, 24, 47] that enable the evaluation of distributed systems, they all focus a small
portion of the spectrum of possible problems. On the other hand, pure simulation models may be a so-
lution to this problem, but creating abstract models from real implementations is not always possible or
even desirable.

The problem extends itself when there is the need for testing early and often during the development
cycle of a new replication protocol. The researcher/developer finds himself without the possibility to ab-
stract the irrelevant parts of the system, focussing on the protocol and still conduct a realistic evaluation.
For instance, when evaluating a database replication protocol, the database engine and the network could
be abstracted as realistic simulation models, since they are not really part of the problem, and the proto-
col should be the only real implementation. This methodology is known as incremental development. In
this context, the development process is backed by an abstract simulation model comprised of multiple
sub-models that get replaced by real implementations as these become available. The problem here is
having the simulation execution to play nicely with the real execution. Whenever real code execution
takes place, the time spent on it must be accounted in the simulation time line. Doing this in an ad
hoc fashion is time consuming and error prone. Hence the approach of centralized simulation proposed
in CESIUM [11], must be taken into account. One cannot reuse CESIUM implementation because it
defines specific models that are not completely suitable for evaluating database replication protocols.



1.2 Contributions

Briefly, this report presents replication algorithms evaluation, supported by a simulation framework that
enables realistic component modeling. In detail, it combines abstract simulation models and real im-
plementations in a centralized environment [11]. It takes advantage of a centralized execution environ-
ment which provides means to embed implementations of protocols into simulation. The framework
allows changing the scenarios without having to rewrite any source code, by requiring only modification
to configuration files. The evaluation presented is supported by this framework, in which three group
communication replication protocols are profiled. The study brings forward conflict related issues and
provides a solution as well as evaluates the protocols in local and wide area networks. It also assess the
performance degradation when there is fault-injection.

List of contributions:

SSF Extensions for Centralized Simulation

A centralized simulation framework which is based on the SSF specification. It provides transparent
means for injecting real implementations prototypes into simulation and synchronize simulation clock
with real execution.

SSF-based Database Simulation Model

A database simulation library written in Java. It provides several simulation models mimicking
the execution of a real database. Calibration and validation conducted ensures coherent behavior when
compared to a real system;

Protocol Evaluation

The evaluation allowed studying the behavior of the optimistic and conservative protocols under
different conditions. These ranged from relaxed to strong correctness criteria processes, local area to
wide area networks and from faultless to faulty environments.

1.3 Outline

This document structured as follows: Chapter 2 briefly reviews the state-of-the-art in performance and
reliability evaluation and then discusses the implementation of a simulation framework and its application
to the study of database replication protocols; Chapter 3 evaluates key components of database replication
protocols under consideration in the GORDA project by applying the proposed centralized simulation
framework; Finally, Chapter 4 concludes the report.
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Chapter 2

Evaluation Platform

2.1 Background

Detailed evaluation of the performance and dependability of abstract protocols and of their implementa-
tions is required to examine each trade-off in different environments. Realistic tests are however costly
to setup and run and depend on the availability of representative workloads and fault-loads. This is espe-
cially difficult when targeting large clusters or wide-area systems. Although often used, toy applications
and micro-benchmarks are unable to disclose the subtle interactions with application semantics and dy-
namics (e.g. flow control issues and hot-spots) and with the environment (e.g. fault scenarios) as well as
introduce significant probe effect.

System evaluation also depends on the availability of the complete target system. This precludes
incremental development and early testing of individual components. Agile development methodologies
have been attracting software engineers to focus on modeling and automated testing of compliance. Unit
testing means that development starts by producing auxiliary test components directly from the model
which are used, as the software product evolves, to ensure that it matches initial modeling.

2.1.1 Testing Environments and Benchmarks

Benchmarks are used to assess the performance and scalability of IT systems. Stress-driven or specific
context driven tests are conducted when running the benchmark. This allows the detection of bottlenecks
as well as assessing its validity under not so usual situations, which normally are disregarded during
development. Benchmarking a system, involves deploying a suite of applications that setup the testing
scenario according to the benchmark specifications. This is actually deploying a fully working system.
For instance, if one wants to use TPC-C [46] or SPEC-Web [31] benchmarks, a set of applications and a
database needs to be installed. Nonetheless, the overhead of setting up the benchmark, either in terms of
resources as in terms of time, may not meet the user requirements.

There are a number of tools to setup and control distributed tests and benchmarks, such as NetBed [49],
ACME [7], and TestZilla [47], targeted specifically at performance. A large share of the complexity of
such tools is directly related with the distributed nature of the system under study, namely, in performing
consistent global observation of system state and properties while minimizing interference. Tools such
as Facilita Forecast [24] add to a distributed testing scenario the generation of representative loads, en-
abling load and stress testing to a wide range of applications. Distributed testing can also be performed
in realistic testbeds for wide area networks such as Emulab [2] and PlanetLab [5] which provide trans-



parent usage of the resources. They provide flexibility but the user always need to deploy a real system
to perfrom the test.

2.1.2 Simulation

Simulation is often defined as the technique to mimic behavioral interactions of a given environment,
using a specified abstract model or instrument. The model or instrument are used to obtain reliable
and valuable information on how the real system should evolve through time or even as a training play-
ground [48]. Models may be categorized into physical or mathematical.

When modeling a system, one must take into account that the model should not represent the system
per se. In fact, it should be a simplification of the real system. Nevertheless, the aspects under study
should hold sufficient detail to draw valid conclusions about the real system [12].

Simulation of computer systems uses the discrete event approach: Time advances as events are sched-
uled to happen. Therefore, if the system is just leaving instant in time ¢ and the next event is scheduled to
happen at instant ¢/, the simulation timeline jumps from ¢ to ¢’ instantaneously. In such approach, com-
ponents trigger events which are scheduled to happen in the future creating a dynamic simulation time
flow. Components tend to be defined at a considerable level of abstraction, hence designing large scale
simulation models is acceptable as well as their computation time. A nice example of how to use this
simulation strategy is a CPU model. It may be modeled as a simple queue in which events are defined
as the: the arrival of a job and the departing of a job. In detail, upon a job, Jy, arrival, it is set to execute
at the CPU. If a job, Ji, arrives in the mean time, it is put on hold. The service time is simulated by
scheduling an event to happen at the end of the job execution. When the execution reaches the end, .Jy
finishing the event is triggered, and job J; is set to execute in the CPU. The work presented in this report
considers the discrete-event strategy to operate the simulation timeline, hence the continuous strategy
will not be addressed from this point on.

An implementation of a discrete event simulation approach is the Scalable Simulation Framework
(SSF) [19]. To build an SSF model, one identifies the objects of interest, entities, and their attributes.
Entities may have their attributes changed over the time by processes, also named activities, which are
triggered by the occurrence of events. Moreover, the system maintains a state, the collection of variables
which the modeler specifies as being interesting for the study, describing the system at any time.

The SSF interface specifies additionally incoming and outgoing channels which act as event routes
between entities and their associated processes. Delays are imposed on individual events, but also on
channels and channel bindings, allowing the system to partition the simulation and take advantage of par-
allel processing [32, 30, 33]. The specification includes also the Domain Modeling Language (DML) [1]
that can be used to assemble models. Multiple implementations of the SSF interface are available in
C++[32, 3] and Java [6]. The simple and clear interface of SSF provides means for intuitively and easily
setting up simulation models. As an example, if one wants to simulate message passing in a network, one
may bind channels between entities, acting as network cards, in a point-to-point manner. Events writ-
ten into channels represent messages. Messages get delayed in the “network™ accordingly to the delay
specified at channel binding time or may be imposed specifically for each message when the event write
operation takes place. These kind of setups may be configured using only a simple DML configuration.

A more detailed example is shown in Figure 2.1 and Figure 2.2. These compare real and simulated
client/server interaction, respectively. Note that in these diagrams, and for the sake of comprehensibility,
channels and entities are implicit, hence, asynchronous events suffixed with Event translate into write and
reads into implicit channels. In Figure 2.1, the time it takes to execute a request is the sum of the partial
latencies of calling, executing and receiving back the return value. The identical scenario is depicted in
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Setup Stage )

«create»
Server
«create» .
Client

Execution Stage )

method()

returnValue

Figure 2.1: Real implementation: Client/Server interaction UML diagram.

Figure 2.2, but this time using pure simulation. In this case, direct invocations are translated into events
and simulation models are used instead of real implementations. This means that both, client and server,
are now entities with associated processes. These are connected using channels from and on which
events are written and read. As in the real implementation, the execution latency is determined by the
time spent calling the method, executing the request and getting the return value. But now, invocation,
execution, and reply latencies are modeled as event delays. Therefore, one may say that the simulation
clock advances horizontally, each time an event operation (read/write to a channel is performed) and real
time advances vertically as native instructions get executed.

A popular approach to evaluate designs, and specifically in the study of the dynamic properties of
very large and complex systems, is the development of simulation models. Namely, the development
of the network infrastructure, protocols, and their applications is based on tools such as ns-2 [4] and
SSFNet [20]. Although simulation models are usually distinct from final implementations, often using
scripting languages to simplify modeling, it is sometimes possible to reuse library code by wrapping the
functionality of simulated components in standard APIs, thus allowing functional testing.

Fine grained simulation of computer systems can also be used to create highly realistic although small
scale testbeds. Namely, tools such as Simics and SimOS [41] simulate in detail computer systems allow-
ing the execution of COTS binary-only operating systems and application software with unparalleled
observability and lack of interference. On the other hand, the detail means that substantial computing
resources are required to run realistic loads and that full implementations are required for testing. This
can be improved by directly running operating system and application code in the host processor. This
is the approach of UMLSim [10] and FAUMachine [16], which additionally allow for fault injection for
dependability evaluation. Nevertheless, full implementations are still required for testing.

2.1.3 Centralized Simulation

The ability to evaluate real implementations in a simulated environment has been proposed in CE-
SIUM [11]. In this framework, implementations of communication protocols are tested for real-time
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Figure 2.2: Simulation: Client/Server interaction UML diagram.

simulation time

5 S=7
o ——>0 — — >

real time

Figure 2.3: Executing simulated and real jobs.

properties. By running multiple instances of the implementation in a single address space within a
discrete-event simulation model of the environment, centralized observation and manipulation of state
is allowed with reduced interference. Scheduling and management of virtual-time by taking account of
real time consumed by implementations, as obtained by profiling them, allows the system to be tuned to
accurately reproduce real systems. This approach is thus the only that allows incremental substitution of
model components by real implementations in performance evaluation.

In an event-driven simulation, time is incremented only by scheduling events with non-zero delays.
The challenge when mixing real and simulated components is to ensure that the time actually spent
executing real code is accurately reflected in simulation time. Thus this approach goes beyond the simple
reuse of real code for simulation models and is able to reproduce timing properties of real systems [11].

In detail, this implies starting a profiling timer whenever real code is entered to account for native
execution time. When execution re-enters simulation code, the profiling timer is stopped and the elapsed
time used as an offset for all events scheduled. This is illustrated in Figure 2.3. From the simulation point
of view, a job with duration § can be set to execute at a specific instant ¢ by scheduling a simulation event
to enqueue it at simulated time ¢. Executing jobs with real code is layered on top of the same simulation

12
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Figure 2.4: Scheduling events from real code.

mechanism. Figure 2.3 illustrates this with an example of how three queued jobs are executed. The
second job is assumed to contain real code. The z-axis depicts simulated time and the y-axis depicts
relevant real-time (i.e. we ignore real-time consumed during execution of pure simulation code and thus
pure simulation progresses horizontally). The z-axis shows also with an wiggly line when the simulated
execution is taking place. Solid dots represent the execution of discrete simulation events. Scheduling of
events is depicted as an arrow and execution of real code as a double line.

The first job in the queue is a simulated job with duration ;. After §; has elapsed, execution proceeds
to a real job. In contrast with a simulated job, one does not know beforehand which is the duration d5 to
be assigned to this job. Instead, a profiling timer is started and the real code is run. When it terminates,
the elapsed time A; is measured. Then §o = A is used to schedule a simulation event to proceed to the
next job. This brings into the simulation timeline the elapsed time spent in a real computation. Finally
the second simulated job is run with duration Js.

As a consequence of such setup, queuing (real code or simulated) jobs from simulated jobs poses
no problem. Only when being run, they have to be recognized and treated accordingly. Problems arise
only when real code needs to schedule simulation events, for instance, to enqueue jobs at a later time.
Consider in Figure 2.4 a modification of the previous example in which the third job is queued by the
real code with a delay d,. If real code is allowed to call directly into the simulation runtime two problems
would occur:

e Current simulation time still doesn’t account for A and thus the event would be scheduled too
early. Actually, if 6, < A; the event would be scheduled in the simulation past!

o The final elapsed real time would include the time spent in simulation code scheduling the event,
thus introducing an arbitrary overhead in 5.

These problems can be avoided by stopping the real-time clock when re-entering the simulation runtime
from real code and adding A; to d, to schedule the event with a delay 6{1. The clock is restarted upon
returning to real code and thus ds is accurately computed as Ay + As. In addition to safe scheduling of
events from simulation code, which can be used to communicate with simulated network and application
components, the same technique must be used to allow real code to read the current time and measure
elapsed durations.

13
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Figure 2.5: Simple overview of the system architecture.

2.2 System Architecture

The system is comprised of four distinct modules: i) workload; ii) transactional database engine; iii)
group-based replication protocols; and iv) network infrastructure. These are depicted in Figure 2.5 as
a stack of components. Since the work presented is about database replication, the system is contains
several instances of the given stack, one for each database site.

On top of the stack one finds the workload generator. It mimics clients issuing transaction requests
to the database engine. Transactions submitted to the database engine are executed and if any item
is updated during its execution, then it cannot commit before the replication protocol disseminates the
updates to the other sites. Therefore, the database engine interacts with the replication protocol in order
to propagate the updates. This is done accordingly to the replication protocol in use. Once the replication
protocol propagates the updates to all other replicas using the network infrastructure, it can then tell the
database that it has terminated and the transaction is ready to be committed. Read-only transactions do
not need to synchronization among replicas, therefore they can commit without any interaction with the
replication protocol.

The system under study are the replication protocols, therefore real implementations are used in the
replication part of the stack. Database and network are abstracted as simulation models. The workload
generator is actually half real, half abstraction, because at its core lies the same collection of distributions
and used to generate transactions either for a real database as for the abstraction presented in the model.
In order to use it in conjunction with the simulated database a simple adaptor is needed to translate real
transactions requests into simulated transactions. This is clearly depicted in Figure 2.5, which presents
in a box with white background the real implementations, in the dark background boxes the simulation
abstractions and in the light shaded background box the workload generator. The arrow represents an
update transaction execution flow.

Using a realistic traffic profile submitted to the system under test is most valuable, since it enables
realistic testing of the database engine, the replication protocols and the network. It also allows the
system under test to face real world scenarios in which several minor details always arise when deploying
a system that has only been tested with toy applications.

14



Transaction Probability Description Read-only?

New Order 449 Adds a new order into the system. No
Payment 44% Updates the customer’s balance, dis- No
trict and warehouse statistics.
Order Status 4% Returns a given customer’s latest order. Yes
Delivery 4% Records the delivery of orders. No
Stock Level 4% Determines the number of recently sold Yes
items that have a stock level below a
specified threshold.

Table 2.1: Transaction types in TPC-C.

The next sections detail the architecture briefly described in this section, in a top-down approach
according to the picture presented.

2.3 Simulation Model

2.3.1 Workload Model

The application model is defined by the Transaction Processing Performance Council, TPC-C [46]. It
is the industry standard on-line transaction processing (OLTP) benchmark which mimics a wholesale
supplier with a number of geographically distributed sales districts and associated warehouses. The
database contains the following tables: (i) warehouse; (ii) district; (iii) customer; (iv) stock; (v) orders;
(vi) order line; (vii) history; (viii) new order; and (ix) item. The traffic is a mixture of read-only and
update intensive transactions. A client can request five different transaction types as follows: New Order,
adding a new order to the system (with 44% probability of occurrence); Payment, updating customer’s
balance, district and warehouse statistics (44%); Order Status, returning a given customer latest order
(4%); Delivery, recording the delivery of products (4%); Stock Level, determining the number of recently
sold items that have a stock level below a specified threshold (4%). TPC-C table related information and
transaction pattern are best depicted in Table 2.1 and Table 2.2. The model accurately follows database
scaling rules defined by TPC-C and the database is scaled according to the number of clients. Namely,
an additional warehouse should be configured for each additional 10 clients and initial sizes of tables are
also dependent on the number of configured clients.

Each client is attached to a database server and produces a stream of transaction requests. When a
client issues a request it blocks until the server replies, thus modeling a single threaded client process.
After receiving a reply, the client is then paused for some amount of time (think-time) before issuing the
next transaction request.

The model abstracts away benchmark requirements such as screen load and background execution,
which are not relevant for this work. In fact, these are not significant for the evaluation of replication and
group communication protocols, therefore, TPC-C is used as the basis for a realistic application scenario
and not as a benchmark.

During a simulation run, clients log the time at which a transaction is submitted, the time at which
it terminates, the outcome (either abort or commit) and a transaction identifier. The latency, throughput
and abort rate of the server can then be computed for one or multiple users, and for all or just a subclass
of the transactions.

15



Number of items
Relations 100 (Cli.) 2000 (Cli.) 4000 (Cli.) Tuple size

Warehouse 1 x 10! 2 x 10° 4x 102 89 bytes
District 1 x 102 2 x 10° 4x10%  95bytes
Customer 3 x 10° 6 x 105 12 x10% 655 bytes
History 3 x 10° 6x 105 12 x10% 46 bytes
Order 3 x 109 6x 105 12 x10% 24 bytes
New Order 9 x 10% 18 x 10° 36 x 10° 8 bytes
Order Line 3 x 106 6 x 107  12x 10" 54 bytes
Stock 1 x 106 2 x 107 4 %107 306 bytes
Item 1 x10° 1 x10° 1 x10°  82bytes
Total ~51x10% ~10x 10" ~2x10%

Table 2.2: Size of tables in TPC-C.

2.3.2 Transaction Processing Model

The database server handles multiple clients and is modeled as a scheduler and a collection of resources,
such as storage, cache, processing units and a concurrency control policy [9, 8]. Each transaction is
modeled as a sequence of operations, which can be one of: i) fetch a data item; ii) do some processing;
iif) write back a data item; iv) call replication engine; and v) issue a lock related operation. Upon
receiving a transaction request each operation is scheduled to execute on the corresponding resource. As
an example, the generic replicated transaction execution path, is shown in Figure 2.6. Every resource
is modeled as a simple queue. For example, I/O requests arriving at storage will have to wait if the I/O
throughput is already at its maximum usage. The same happens in the CPU pool, if a job arrives and no
CPU is free, it will have to be put on a waiting queue or preempt the execution of an executing job.

Processing operations are scaled according to the configured CPU speed. Each is then executed
in a round-robin fashion by any of the configured CPUs. Additionally, simulated CPUs are also used
to schedule real jobs by the centralized simulation runtime. Therefore, transaction execution can be
preempted to assign the CPU to real jobs, enabling concurrent execution between real and simulated
jobs.

I/O operations are modeled using a storage abstraction that specifies procedures for fetching and
storing items. Its service rate (throughput) is defined by the number of allowed concurrent I/O requests
and the latency of a single request. Each request manipulates a write attempt, meaning that the cache hit
ratio is very close to 100%, hence storage bandwidth becomes configured indirectly.

Operations for fetching and storing items are submitted to the concurrency control module (lock
manager). Depending on the policy being used, the execution of a transaction can be blocked between
operations. Items get locked accordingly to the user defined locking policy. The concurrency control may
be based on timestamp or strict two phase locking (2PL) protocols [14]. In a timestamp locking policy,
items fetch for reading are ignored, while items updated are exclusively locked. When a transaction
commits, all other transactions waiting on the same locks are aborted due to write-write conflicts. In
the strict two phase locking all items get locked. Whenever a transaction aborts, its locks are released
and can be acquired by any subsequent transaction. In addition, all locks are atomically acquired, and
atomically released when the transaction commits or aborts, thus avoiding the need to simulate deadlock
detection. This is possible as all items accessed by the transaction are known beforehand.

The transaction processing model also offers hooks to plug in replication protocols. This is actually
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Figure 2.6: Simulated transactions and replicas interaction.

one of the main interfaces between the simulated environment and the system under test (i.e. replication
protocols). In detail, these offer the possibility to: i) intercept queries upon arrival, to allow classification
procedure and ordering required by the conservative protocols; ii) intercept read and write-sets upon
entering commit and producing realistic amount of write values which are to be transmitted over the
network, hence will produce real bandwidth consumption; iii) handle installation of remote updates, for
which there is no directly attached client entity. Note that the interaction between simulation and real
code is also performed at this level by using the centralized simulation kernel (see Section 2.2).

During a simulation run, the usage and length of queues for each resource are collected and used
to examine in detail the status of the server. This is most useful to find contention in the system. For
example if the queue at one resource becomes extensive then a bottleneck has been found. Then, one
may confirm the bottleneck theory by examining the usage data to verify what is the highest throughput
rate of the resource.

Finally, the abstract model of the database has been named as SSFDb.
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2.3.3 System Under Test

The system under test is composed by actual implementations of database replication protocols an group
communication. Three different implementations are used as a case study in this work. Namely, Database
State Machine (DBSM), Postgres-R (PGR) and Conservative (CONS) replication protocols.

When considering the conservative protocol, transactions are set to classify prior to their execution.
This involves a call to the replication layer in order to classify the transaction. While the classification is
not concluded, the transaction is put on-hold. Once it finishes, the transaction may begin its execution. By
the time the commit operation is issued, the write values are gathered and sent to the other replicas, hence
another call to the replication service is issued. On the other hand, if the DBSM protocol is considered,
there is only one call to the replication module. It happens when the transaction tries to commit. This is
also the case for PGR, which requires an additional communication step when compared to the DBSM.
All in all, every update transaction goes through the replication layer at least once. Therefore, there is
one or more interactions between real code prototypes and simulation.

Each of the replication protocols rely on an atomic multicast protocol, which is provided by the group
communication layer. Such primitive is implemented in two stages. A view synchronous multicast pro-
tocol and a total order protocol. The former, view-synchronous multicast, works in two phases. First,
messages are disseminated, taking advantage of IP multicast in local area networks and falling back to
unicast in wide-area networks. Then, reliability is ensured by a window-based receiver initiated mecha-
nism similar to TCP/IP [40] and a scalable stability detection protocol [27]. Flow control is performed by
a combination of a rate-based mechanism during the first phase and the window-based mechanism dur-
ing the second phase. View synchrony uses a consensus protocol [42] and imposes a negligible overhead
during stable operation.

The goal of the stability detection protocol is to determine which messages have already been deliv-
ered to all participants and can be discarded from buffers. It is therefore a key element in the performance
of reliable multicast. Stability detection works in asynchronous rounds by gossiping: i) a vector .S of se-
quence numbers of known stable messages; ii) a set W of processes that have voted in the current round;
and iii) a vector M of sequence numbers of messages already received by processes that have voted in
the current round. Each process updates this information by adding its vote to W and ensuring that M
includes only messages that have already been received. When W includes all operational processes, .S
can be updated with M, which now contains sequence numbers of messages discovered to be stable.

Total order is obtained with a fixed sequencer protocol [15, 28]. In detail, one of the sites issues
sequence numbers for messages. Other sites buffer and deliver messages according to the sequence num-
bers. View synchrony ensures that a single sequencer site is easily chosen and replaced when it fails. By
implementing total order within the prototype, it becomes possible to later explore several optimizations
of atomic multicast in the context of transaction processing. Namely, semantic reliability [38] and opti-
mistic total order [37, 44]. Semantic reliability improves throughput stability in heterogeneous and wide
area networks by discarding messages that become obsolete while still in transit, for instance, because a
transaction is known to have aborted. Optimistic total order recognizes that it is possible to exploit the
spontaneous order of messages which happens with high probability to optimistically start processing
transactions. If the order turns out to be wrong, the execution is rolled back and the transaction is redone
in the correct order.
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2.3.4 Network Model

The network model is defined by using the components from a library of components that can be reused.
This is the case of the SSFNet [20] framework, which models network components (e.g. network inter-
face cards and links), operating system components (e.g. protocol stacks), and applications (e.g. traffic
generators). Complex network models can be configured using such components, mimicking existing
networks or exploring particularly large or interesting topologies. The SSFNet framework provides also
extensive facilities to log events. Namely, traffic can be captured in the same format used in real networks
and thus the log files can be examined using a variety of existing tools.

The interface between the group communication and the network is the other main interface between
the system under test and the simulated environment. It offers a simplified version of the standard socket
API for connectionless protocols. Again, interaction between simulation and real code is performed at
this level by using the centralized simulation kernel (see Section 2.2).

2.4 Simulation Kernel

In the previous section prototypes of the replication and group communication protocols were said to
be embedded within simulation. This section explains how this is achieved by detailing the simulation
kernel and how it handles real time execution. It starts by comparing a real system and a simulation
model. Then it goes on demonstrating how to mix both using the simulation kernel developed.

2.4.1 Real-Time

Running selected components with simulation models of realistic environments, workloads, and fault-
loads is accomplished using a centralized simulation kernel [11]. This approach is implemented as a
small extension to the Scalable Simulation Framework (SSF)[19] specification that greatly simplifies
interfacing real implementations within simulation models while accurately reproducing the timing be-
havior of real systems.

The extension of the SSF interface is very simple and consists on being able to designate selected
entities as real-time entities by overriding the isRealTime() method. A process associated with such
entity becomes a real-time process and behaves as follows: The profiling clock is started when the
process reads an event from an incoming channel and stopped whenever the process writes an event to
an outgoing channel. Code executed between writing an event and reading another event is therefore not
accounted for. After stopping the profiling clock, the real-time process is not rescheduled until simulation
time has advanced by as much time as real execution took. The event is actually written to the channel
only after simulation time has catch-up. The proposed programming interface was implemented in Java
as the MinhaSSF package. This was required as source of the existing implementation is not available.

Accounting real-time within the simulation kernel is easily implemented in existing SSF implemen-
tation as this boils down to taking into consideration real time processes whenever entering the simulation
runtime and minor changes to the scheduler. A key issue is the profiling clock used to measure real-time.
It is important that the method used allows a fine-grained measurement of time by one operating system
thread even if other concurrent threads are running and can thus preempt the desired thread. This is
achieved in the Linux operating system using the perfctr patch [39], which offers a virtualized hardware
cycle counter for each operating system process.

The proposed semantics is targeted at client/server interactions between simulated and real compo-
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Figure 2.7: Simulated client calls server real implementation.

nents. Real code calling into simulation by means of writing an event will suspend accounting of real
time, which is resumed upon reading the return event. Conversely, when behaving as a server, accounting
of real time starts upon receiving an invocation event from simulated components and until a return is
written.

The SSF specification as well as the extensions mentioned in this section are implemented in Java
and available to the GORDA project[18] and are to be release in the near future as open source.

2.4.2 Client/Server Utility Classes

To avoid the tedious and error prone task of manually writing stubs for every interaction, i.e., which
translate events into invocations and back, a set of proxy classes has been implemented. These were
realized using Java reflection and provide a simple and clear interface that enable generalized usage and
complete isolation between simulation models and real implementation. A proxy, named Simulation-
Proxy, is responsible to transform an invocation made by real code into a pair of events (write and read
operations), that transparently interface with simulation code. The second proxy, name RealTlimeProxy,
does the reverse operation, listening for events, invoking real code and replying the result.

The role of dynamic proxies is better understood with an example. Recalling the previous client/server
example from Section 2.1.2, one is able to easily reuse the real server implementation in conjunction with
the simulated client, as Figure 2.7 illustrates. Keep in mind that entities and channels are implicit in the
diagrams, as already previously stated. The server implementation is embedded into a RealTimeProxy,
which in its turn is a MinhaSSF real-time entity. This proxy contains a process that reads incoming
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events from an invocation channel and translates them into calls to the server implementation. At the
same instant the process reads the invocation event, the simulation kernel implicitly starts a timer which
keeps track of time spent in the real invocation, which is the next thing the proxy performs after reading
the event. When the method returns, the proxy writes a reply event containing the result into the reply
channel and the kernel implicitly suspends the timer. The reply event, which is delivered to the simu-
lated client, after the time in the real execution elapses in the simulation clock. In the mean time, the
RealTimeProxy process is not scheduled again until the simulation clock catches-up.

Calling simulation from real code is also possible due to the other proxy: SimulationProxy. Taking
the client/server example, one more time, and now considering the client as the real implementation and
the server as a simulation model, its usage is depicted in Figure 2.8. The SimulationProxy implements
the interface of the server, exposes it to the other objects and provides channel end-points that can be
connected to the simulated server to convey invocations and replies. A reference to the proxy object is
provided to the real Client instance making it believe it has actually a reference to a server implemen-
tation. Once the client calls the executeRequest, the proxy translates this call into an invocation event,
writes it to the channel, and blocks waiting for the reply. At this moment the MinhaSSF kernel suspends
accounting of real time associated with the real client execution. When the server receives the event,
which only happens after the simulation clocks elapses the time accounted in the client execution, it sim-
ulates the executionRequest and sends back the result by writing an event into the reply channel. Upon
delivery of the reply event, the proxy collects the result and handles it back to the client as the return
value of the fake executeRequest method, so control is back in the client implementation. At the same
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Resource Properties

Processor 2 x 2.4 GHz AMD Opteron
Storage 1 dedicated 100Gb partition

RAM 4 GBytes

Operating System Linux 2.6.10-1.737 (Fedora Kernel)
Filesystem ext3

Database Management System PostgreSQL 8.0

Table 2.3: System specifications.

time the timer is resumed, hence the kernel restarts accounting execution time of client instructions.

2.4.3 Library

The MinhaLib library builds on top of proxies and exposes an API that closely mimics the Java API, thus
easing porting of applications as shown in Appendix [?]. It is composed by two distinct components: i)
network and ii) concurrency primitives. This components have the purpose to map real calls to simulation
events, being the only change needed in the real code application the import statement, that instead import
real code network and concurrency Java standard classes, import MinhaL.ib classes.

minha This package only contains a single class, UserSystem, thatis a mirror class of java.lang.System,
with the only purpose to make available current simulation time to applications.

minha.concurrent This package provides the primitives needed to run concurrent applications on top of
MinhaLib. This classes implements the java.util.concurrent interfaces and also provides
the UserThread class to allow multithreaded applications in the simulation environment, this is
a mirror class of java.lang.Thread.

minha.net This package provides the UDP' and TCP protocols needed to run networking applications
on top of MinhaLib. It also provides the Application class that represents a network host.

2.5 Model Calibration

This section presents how the simulation model is calibrated. In detail, how to configure simulation
components so they can reproduce accurately a real environment. The purpose of the calibration is to
tune the model in order to guarantee generalized conclusions.

The calibration procedure is driven by the available hardware for testing, hence the model is configure
accordingly. The hardware consists in one HP Proliant dual Opteron processors machine. It has 4 GBytes
of RAM memory and uses a fibre-channel attached storage with 1 TByte in a RAID-5 configuration.
The operating system used is Linux, kernel 2.6.10-1.737, from Fedora, and the database engine used is
PostgreSQL v8.0, having all data stored in a dedicated partition sized in 100Gb, hence no other processes
perform I/O into that device. Emulated TPC-C clients are configured to execute from remote machines
and communicate with the DBMS over a LAN.

Database calibration is performed using the described hardware and running a benchmark with only
one emulated TPC-C client. The logs collected are used to tune the simulation model. It is adjusted in

'User Datagram Protocol
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two distinct levels: i) it needs to be setup according the hardware specifications of the real system (the
same number of CPUs, the same storage throughput, ...); and ii) resource consumption must follow the
same profile as in the real system (i.e., the CPU must be under the an equivalent load, the number of
access to storage must be equivalent, ...). Using the calibration setup, TPC-C runs with 10 clients, in
both the real and simulated systems, are compared to verify if they match.

251 CPU

The CPU abstraction is modeled as queue in which the arrival process and the service time distribution
follow an exponential distribution. The service time for each job is configured according to the transac-
tion type. Given this, execution times are determined by measuring the time a transaction actually spends
in a real CPU in a real execution. Therefore, simulated transactions spend equivalent times to the ones
that a real transaction would spend in the real system.

In order to obtain CPU processing times, transactions need to be profiled. To accurately obtain
the amount of CPU time consumed by each transaction, an instrumented version of PostgreSQL was
developed. In PostgreSQL, a process, named the backend, handles a single transaction execution from
start to end. This makes it easy to use the Linux perfctr patch [39] to obtain the time spent processing by
reading the virtualized per-process cycle counter.

In detail, a CPU timestamp counter is used, which provides accurate measure of elapsed clock cycles.
By using a virtualization of the counter for each process, measurements of process virtual time (i.e.
the time elapsed when the process is not scheduled to run is not accounted for) are also obtained. To
minimize the influence in the results, the elapsed times are transmitted over the network only after the
end of each query (and thus out of the measured interval), along with the text of the query itself. The
time consumed by the transaction’s execution is then computed from the logs. By examining the query
itself, each transaction is classified.

The analysis conducted using the logs of the real execution. The initial one 17 minutes of the run (100
transaction samples) and the aborted transactions are discarded, so warm-up effects are minimized, and
the percentile 90% of the remaining, is considered. The 90% percentile eliminates deviating samples
which are due to OS overhead (swapping and process scheduling) as well as other system daemons
interference. The resulting histograms (Appendix A) provide a hint on the empirical distribution that the
collected samples follow. The profiling process also allowed to fine tune the PostgreSQL configuration
as well as optimize the TPC-C implementation.

Once the logs are analyzed and the histograms plotted one may intuitively find an empirical statistical
distribution describing the processing times required for each transaction type (Table 2.4). Therefore,
using the fitdistr function from MASS package of the R [23, 21] project for statistical computation, one is
able to fit the empirical distribution to a theoretical statistical distribution. Details of the fitting process
are presented in Appendix A.

2.5.2 Storage

The storage calibration is accomplished by considering the number of items that a transaction accesses
for writing. Again, like in the CPU time profiling, the PostgreSQL engine had to be modified so the
number of items a transaction tries to update gets logged. This is achieved by creating update, delete and
insert triggers that keep track of the items accessed during the transaction execution. Upon a commit
request, this information is passed to the logger which flushes the information to a file and frees memory
kept for holding this information.
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Transaction Empirical Estimators

Name Distribution

delivery normal mean=143698975.769 sd=2332369.0642
neworder uniform min=6450113.77352 max=16829661.7371
orderstatus normal mean=1658057.33333 sd=830521.190802
stocklevel uniform min=1845659.43141 max=2328872.56859
payment normal mean=2261806.48101 sd=213283.617067

Table 2.4: Transaction CPU times distribution and estimated parameters (nanosecond precision).
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Figure 2.9: XLogWrite calls as a function of the number of items accessed.

There are two situations to take into account: i) fetching; and ii) writing an item. The latency
of reading operations is minimal judging from the results obtained, in the tests performed. In fact,
despite the warm-up period, the cache hit ratio tends to 1.0, meaning that zero time is spent in I/O for
reading. Writing operations requires studying the writes performed in the database log file and the writes
performed in the database data space. Writing to the log is critical because it implies at least one disk
flush when a transaction issues the commit instruction. This has impact in the total transaction execution
latency. It has been verified that, writing to the data storage space does not produce significant impact in
the final latency. Explaining this behavior is the fact that PostgreSQL keeps a background writer process
that is in charge of flushing the dirty data to the database data space. This is performed asynchronously
and most often outside transaction execution context, thence it does not count for the total execution
latency.

Y=m-X+b 2.1)
Y- Y

= — 2.2

m=X, X (2.2)

In order to calculate the storage service time, the time spent on each log write operation is measured.
But knowing the latency of a log write operation is not enough, one needs to find the correlation between
the number of log writes and the number of items accessed. This need is imposed because simulation only
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Parameter Value  Short Description
m 3.8088  Slope of the ratio

line between items and log writes.
logAccessDelay 986 ms  Average XLogWrite call latency.
parallelism 8 Parallel log writes.

Table 2.5: Storage simulation model parameters.

access the number of items a transaction from TPC-C writes and not the number of log writes. With this
information the storage model is configured using the writes-items ratio, the latency of each access and a
concurrent parameter that states how many concurrent accesses may be performed. In order to obtain the
number of log writes performed, one needs to export the number of calls to the PostgreSQL XLogWrite
function and measure its time. By plotting, for each transaction, the number of items accessed versus
the number of calls to XLogWrite one was able to find a linear relation between both. Figure 2.9, shows
the number of log writes as a function of the items accessed. It is clear that there is a linear relation
between both. The 2D Cartesian coordinate system, states that a line is described by Equation (2.1).
Since b is where the line intersects the ordinate axis when X is equal to zero, then its value is obviously
zero (Figure 2.9). The line slope is determined by the expression given by Equation (2.2). Therefore, if
one considers the two given points Xy = (140,531) and X; = (13,4) one is able to determine the line
slope without any hassle: m = 231=13 ~ 3.8088. In addition, Figure 2.9, also depicts, as a solid line,

140—4
the extrapolated equation: ¥ = 3.8088 x X.

The number of parallel log writes is determined by the average number of calls between two consec-
utive flush operations. Flush operations force disk I/O. The measured number of log writes without any
flush operation was 8.

Table 2.5, presents the storage simulation model final parameters obtained from the calibration pro-
cess.

2.6 Validation

Simulation models are a simplification of the real system they mimic. The model presented is no dif-
ferent, therefore the match between the real system and the model presented is by no means an absolute
match. Nonetheless, a validation procedure is presented in this section, in order to stress the fact that the
developed model performs quite similar to the real system.

Network model and its configuration are validated by comparing the resulting performance measure-
ments of the model to those of the real system running the same benchmark.

Figure 2.10(a) shows the maximum bandwidth that can be written to an UDP socket by a single
process in the test system with various message sizes. Figure 2.10(b) shows the result of the same
benchmark at the receiver, limited by the network bandwidth. Finally, Figure 2.10(c) shows the result of
a round-trip benchmark. The difference observed with packets with size greater than 1000 bytes is due to
SSFNet not enforcing the Ethernet MTU in UDP/IP traffic. Deviations from the real system are avoided
by restricting the size of packets used to a safe value.

The last stage of the calibration process is to determine how close to the real system the simulation
models performs. Taking the configuration values obtained from the storage and CPU calibration, one
is able to perform a simple run on the real system and compare the outcome with the same run on the
simulation model. The metrics used for comparison are: transaction interarrival and execution latency.
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Figure 2.10: Validation of the centralized simulation runtime.

Transaction Average TPM Average Latency (ms)

Simulation Real Simulation Real
delivery 2.64 3.66 1513 192.2
neworder 33.37 3243 12.82 11.57
payment 29.88 30.14 3.21 3.23
orderstatus 3.15 3.09 1.63 1.21
stocklevel 2.87 3.18 2.08 2.63
TOTAL 71.62 7293 7.328 6.97

Table 2.6: Simulation vs Real: TPM and latency results.

The former indicates the throughput, while the latter shows how much time a transaction spends inside
the database engine during its execution. The abort rate is not taken into consideration, because is its
practically zero in both runs.

The validation scenario considers ten emulated TPC-C clients issuing transactions requests to the
database. Figure 2.11(b) and Figure 2.11(a), present the comparison of the latency and interarrival of
transactions considering the percentile 90%. Note, that these plots show the Empirical CDF of the two
runs and present a Q-Q plot to determine how close are each other. In a Q-Q plot, a 45° degrees line states
that both plots are perfectly matching. Taking the Q-Q plot into consideration, both are very much alike
either in terms of interarrival as in terms of latency, despite the deviation for a small amount of samples
in the latter. This deviation is not really important due to the small amount of samples. Table 2.6, depicts
numerical values for the average TPM and latency. One may find that real and simulated runs perform
real close, hence the system becomes calibrated and validated. For additional details (per transaction
analysis), please refer to Appendix B.
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Figure 2.11: Simulation vs Real comparison.
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Chapter 3

Protocol Evaluation

This chapter we are interested in leveraging the proposed evaluation framework to compare proto-
cols such DBSM [35] and Postgres-R [29], including versions providing snapshot isolation [22, 50],
RAIDb [17], NODO [34], and WICE [25].

In fact, we are interested in comparing key features of these protocols. The most relevant is opti-
mistic vs. conservative synchronization. The optimistic categories embraces all protocols that rely on
an apriori transaction execution without interaction among replicas and a final step of certification im-
mediately before it commits. This is the case for the Database State Machine (DBSM) and Postgres-R
(PGR) protocols. WICE protocol is also in this category because it is based in DBSM at its core. The
conservative category embraces the RAIDb and the NOn-Disjoint conflict classes and Optmistic multi-
cast (NODO) protocols. These do not allow transaction execution before a coordination is performed
between the intervening sites in order to agree on which items they exclusively access on a specified
logical time.

A second issue is the granularity of synchronization. This is relevant to RAIDb and NODO, which
require conflict classes to be determined a priori, but also for an optimistic protocol that ships read-sets
to remote certification (i.e. DBSM [35]). The useage of snapshot isolation as a consistency criteria is
also applicable to all protocols, regardless of optimistic execution. Finally, we are also interested in the
impact of latency in wide area networks, as well as the impact of faults and performance perturbations
injected in the group communication layer.

A summary of how each configuration tested represents a combination of these key aspects of target
protocols is presented in Table 3.1.

3.1 Motivation

As stated earlier (Section 1.1), there are several constraints that do not allow testing and evaluation to
be performed in large scale and in a flexible manner. These problems range from the impossibility of
setting up the required scenarios, to the need of having to deal with uncontrollable context variables
and lack of deterministic execution. Using the simulation framework described in Section 2, one is
able of surpass these problems. Hence, the following sections present an evaluation study of replication
protocols showing the benefits of such framework.

The two families of protocols presented in this chapter are named: optimistic and conservative, de-
pending on agreeing on order prior or after execution. We consider also an optimization of the optimistic
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Name Consistency Granularity Category Faults
Serial. Snap. Iso. Coarse Fine Optim. Cons.
DBSM-G X X X —
DBSM-g X
DBSM-g bursty X
DBSM-g random X
DBSM-SI
DBSM-SI bursty
DBSM-SI random
PGR
WICE
CONS-G X X X —
CONS-g X X X —
CONS-SI X X X —

»

bursty drops
random drops
bursty drops
random drops

HooX M M X
Moo
E T o T B B T B

Table 3.1: Protocol naming and characterization details.

protocol for interconnected clusters in wide-area networks. There are relevant issues worth studying in
all protocols presented. For instance:

Is the replication protocol scalable, i.e., is the system capable of operate under heavy loads, and in
a large cluster?

How does performance degrade when going from a local area network into wide area network,
specially regarding the increase on latency for message transmission?

What is the impact on performance if messages get lost in the network, and which transactions
will suffer most in the presence of faults?

How different does the system perform when comparing Write/Write (Snapshot-Isolation) and
Read/Write consistency criteria?

When considering optimistic replication protocols, one is also interested on the following:

Does network become a bottleneck when sending read sets between replicas and if so, is there a
way to reduce its size? What is the impact on the certification process when compressing the read
set?

Which transactions end up aborting most frequently and why?
Do large transactions end up aborting most due to their longer execution latency?

Does PGR benefits from not sending the read set over the network at the cost of an additional
communication step?

Conservative replication protocols pertinent issues are:

How should one consider the traffic profile to determine conflict classes?

What is the impact on performance when defining coarse grained conflict classes (e.g., table level
conflict classes)?

How does contention in conflict class queues increase transaction latency?

Is transaction latency directly proportional to contention due to class-level conflicts?
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Figure 3.1: Local area network configuration.

3.2 Scenarios

Given the motivations in the previous section, an testing and evaluation work, allowing the answer of
such questions, is presented in this chapter. It aims at providing an extensive empirical observation of
how the replication protocols under study, behave under different environments. The selected application
model is based on one of the TPC set of benchmarks, and has already been exhaustively described in the
Section 2.3. In order to replicate the TPC-C database nine sites are considered and spread over the
network. Hosting machines are modelled as HP Proliants with two AMD Opteron(tm) Processor 250
processors with 4GB of RAM. For storage, a fiber-channel attached box with 4x36GB SCSI disks in a
RAID-5 configuration is considered. Details on how the simulation model calibration is accomplished
may be found in Section 2.5.

Each site handles transactions submitted by clients in a multi-master way. The load is symmetric,
i.e. every site has the same number of clients connected to it, and every client is modelled as a sequential
process. If a client tries to update the database, issuing an update transaction, it must be replicated to the
other replicas, hence an update transaction submitted at site Sy must also update every other site in the
system. For the sake of clearness, transactions submitted by a client at a site will be referred to as local
transactions and transactions submitted at any site by the replication protocols (remote updates) will be
referred to as remote transactions.

As for the communication infrastructure, two different approaches are considered. The first approach
considers nine sites communicating using low-latency and high bandwidth network channels, similar to
a cluster environment. All sites are in the same network, hence they all operated in a LAN infrastructure.
Links considered have 1 Gbps of bandwidth and the transmission latency is around 120 us. Figure 3.1,
depicts this network configuration.

In the second approach, sites are spread over a wide area network. From the original nine sites six
were chosen are grouped on clusters of three, and each of these clusters exhibit the same properties of
the LAN network mentioned previously. Intercommunication between groups is accomplished through
a wide area network. Messages sent from one cluster to another, go through a border router which
communicates with a backbone router. The communication channels between each border router and the
backbone router are configured with 100 Mbps of bandwidth and the transmission latency is close to 100
ms. This means that a network packet that is transmitted between two different clusters performs three
router hops, considering only router hops, and its round trip delay is given by Equation 3.1.

RTTwan = 2 x (2 x Cluster Latency + 2 x W AN Latency) 3.1
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Figure 3.2: Wide area network configuration.

Serializable Snapsheot Isolation Level
Class./Trans  New Order Payment Delivery New Order Payment Delivery
Warehouse X X X
District X X X X
Customer X X X X X
Item X
Stock X X
Orders X X X X
OrderLine X X X X
NewOrder X X X X
History X X

Table 3.2: Definition of coarse conflict classes for each transaction type in TPC-C.

Therefore, accordingly to the configuration described, the transmission time, 7', of a network packet
between sites on different clusters would be: T~ RT Ty an/2 ~ 2 x (0.12x 2+100 x 2)/2 ~ 400ms.
Figure 3.2, depicts this configuration.

3.3 Results: Optimistic vs Conservative

3.3.1 Coarse Grain

The first study evaluates the conservative and the DBSM approaches without exploiting any application
specific details and thus in a configuration that can easily be automated. In the conservative approach,
each table is considered to specify a conflict class, which can actually be easily extracted from the SQL
code. The resulting conflict classes and conflict relations among transactions types are shown in the
“Serializable” column of Table 3.2. Regarding the DBSM, special attention needs to be payed to read-
set sizes since the propagation of large read-sets may be impractical. An immediate workaround to this
problem is to set a limit for the read-set size over which the whole table is used. In the TPC-C, this
results in transactions of type Delivery always being marked as reading the entire OrderLine table. All
others access only a small number of items.

Figure 3.3, presents performance measurements in the LAN scenario. It can be observed in Fig-
ure 3.3(a), that the DBSM protocol with optimistic execution apparently scales much better to a large
number of clients than the conservative protocol. As shown by Figure 3.3(b), the bottleneck in the con-
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Figure 3.3: Performance measurements in a LAN with coarse granularity.

servative protocol translates in very large queueing latencies.

This result is highlighted in Figure 3.4 that decomposes latency as seen by a client, and shows that
the impossibility to concurrently process transactions that potentially conflict leads to queueing delays
which grow very rapidly with the number of clients connected.

However, as seen in Figure 3.3(c), the good throughput of the DBSM is achieved at the expense of a
number of aborted transactions. This is especially worrisome since the 4% of transactions being aborted
overall are in fact all Delivery transactions as shown in Figure 3.3(d). Therefore, even if such transactions
can be resubmitted, there is a very low probability of ever being executed.

Conclusion: Results show that neither DBSM nor CONS protocols scale, without application specific
configuration, to a large number of clients with an OLTP load, even with plenty of resources in a LAN.
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3.3.2 Fine Grain

To reduce the number of conflicts, a finer granularity has to be specified when defining conflict classes
for the conservative approach and the read-set extraction in the DBSM. Fine grained conflict classes are
obtained by taking advantage of the fact that all tables except Item have references to the Warehouse table
and that clients connected to the same node have high locality regarding a specific subset of warehouses.

Although the simulation run considers this granularity for the CONS protocol, it is impractical
since one cannot predict beforehand which subset of tuples, a transaction will access, specially for the
NewOrder and Payment transactions. This renders the approach impractical.

In the optimistic protocol, this granularity is practical, because the read-set is extracted during the
transaction execution, hence there is no need to predict it. But if there is no hotspots this approach is
worthless.

These optimizations are also compared with the PGR protocol which can use the exact read-set
by centralizing certification of each transaction. The results are presented in Figure 3.5. It can be
observed that all approaches produce approximate results with minimal differences in latency and abort
rate. Network usage is also very close, showing that the overhead incurred by the DBSM when sending
the read-set is offset by requiring only a single communication step.

Conclusion: When an appropriate can be defined, CONS and DBSM, are equally suited as PGR for an
OLTP load in a cluster.

3.3.3 Snapshot Isolation

An alternative approach to avoid synchronization conflicts is to relax the correctness criterion to snapshot
isolation [13] which only considers write-write conflicts.

In the DBSM approach, all the concerns previously discussed about the size of the read-set are
avoided. As Figure 3.6 shows, it turns out that this alternative has also a benign impact on the perfor-
mance of the DBSM approach, reducing the number of aborted transactions. Moreover, this is a very
appealing alternative, as it avoids all configuration issues. Under snapshot isolation the DBSM and PGR
protocols become the same.
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Figure 3.5: Performance measurements in a LAN with fine granularity.

Unlike the DBSM, the conservative approach does not benefit from the snapshot isolation criterion,

exhibiting the same latency as in the coarse grain study. In the “Snapshot Isolation Level” column of
Table 3.2 the new conflict relations among the transactions are depicted. Regardless of their type, all
update transactions still conflict and thus have to be sequentially executed.

Conclusion: When using snapshot-isolation, DBSM presents a reduced abort rate, while the CONS
protocol, despite the relaxed correctness criteria, still suffers from conflicts penalties.

3.4 Results: Wide-area Inter-Cluster Enhancements - WICE

It is also interesting to observe how the proposed approaches scale to interconnected clusters in WAN.
Wide area networks introduce higher communication latency when compared to LANs. Consequently,
transactions take more to conclude, resulting in a higher probability of concurrent transactions in the
system, thus higher probability of conflicts.

In a protocol based on distributed locking, the influence of latency can potentially be very large,
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Figure 3.6: Performance measurements in a LAN with snapshot isolation.

if a node has to wait that all other nodes enter and leave a critical section plus the time it takes to
pass the authorization around. In contrast, when using active replication [43, 26], the only overhead is
encapsulated in the total order multicast protocol and no additional synchronization is required. Ideally,
a database replication protocol based on total order multicast would be able to achieve the same goal.

To study the impact of the communication latency overhead when considering WANSs, the DBSM-SI
was chosen. Optimizations to this protocol were conducted which resulted in a slightly different protocol
named WICE.

3.4.1 Performance

The performance of the WICE protocol [25] is evaluated by observing the throughput, latency and abort
rate achieved when compared with plain DBSM. As a baseline, we present results obtained by grouping
all 6 servers in the same cluster (DBSM CLUSTER). The results are obtained with Write-Write conflict
certification, thus achieving 1-SI, are presented in Figure 3.7. Results are presented separately for each
cluster.
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Figure 3.7: Performance results with 1-SI.

The first interesting observation from the baseline protocol (DBSM CLUSTER) is that the capac-
ity of the system is exhausted with 6000 clients. This shows up as throughput peaking (Figure 3.7(a)),
increasing latency due to queuing (Figure 3.7(b)), and abort rate due to increased concurrency (Fig-
ure 3.7(c)). By examining resource usage logs one concludes that this is due to saturation of available
CPU time. We should thus focus on system behavior up to 4000 clients, as a properly configured system
will perform flow control to ensure operation in that range. Namely, throughput grows linearly, latency
is approximately constant and the abort rate negligible.

Then, we turn our attention to DBSM in the target scenario. Although throughput scalability is ap-
parently close to linear, it is misleading as it corresponds to a high abort rate and a linearly increasing
latency, in particular in cluster C'p (Figures 3.7(e) and 3.7(f). Both are explained by the same phe-
nomenon: As locks are witheld during wide area stabilization, queuing delays arise, thus proportionally
increasing the probability of later being aborted. Aborted transactions have to be resubmitted by the
application, thus further loading the system. It is also important to underline that latency and abort rate
impact both clusters equally, as expected, as both suffer with the same 2 - ¢,,,,, commit-interval.

As expected, the WICE protocol improves the performance at the primary cluster without negatively
impacting secondary clusters. Namely, in the primary cluster the abort rate is negligible (Figure 3.7(c)),
comparable only with the DBSM CLUSTER scenario. The latency is also approximately constant in the
safe operating range (i.e. up to 4000 clients), although impacted by the round-trip over the wide area
link (Figure 3.7(b)). Note however that such impact is very close to the absolute minimum of 2 - ¢,,,4, at
400 ms.

Also as expected, the abort rate of transactions initiated in the second cluster, which are impacted by
a tinag 10 2 - the, commit-interval, is not negligible although still offering a substantial improvement on
DBSM. In the next section, we discuss the impact of this in the expected usage scenario of WICE.
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3.4.2 Discussion

The workload assignment used deserves some additional comments. The WICE protocol targets the
global enterprise where the goal of replication is twofold. First, by providing a cluster for each region
of the globe one avoids having route all queries to a central location and thus avoid imposing the large
latency on clients when no updates are performed, while at the same time balancing the load. Second,
it improves availability as even catastrophic disasters can only impact the computing or communication
infrastructure at a single location. One has therefore to consider clusters located in different timezones,
having distinct peak utilization periods.

This means that the evaluation scenario in the previous section, in which traffic in both clusters is
exactly the same, is the worst case scenario for the proposed protocol. In reality, one should be able
to migrate the centralized sequencer to the currently most loaded cluster. The additional abort rate at
other locations can then be easily solved by resubmission, as these clusters are off peak and thus with
underutilized resources.

We also have not assumed that resubmission can be done automatically by the database management
system. However, this is true for many workloads, especially in current multi-tiered applications. By
taking advantage of such option one could thus completely mask the abort rate at secondary clusters.

3.5 Results: Fault-injection and DBSM

In this section the simulation model is used to evaluate the performance and dependability of the DBSM
prototype implementation.

3.5.1 Termination protocol performance

The performance of the termination protocol (set of DBSM and group communication instructions) is
assessed by conducting simulations in local area with three sites only. Faults are injected and the termi-
nation performance is measured.

Fault injection creates adverse conditions causing message losses or high jitter on message processing
time. Table 3.3, exhibits a detailed overview of the type of faults injected into the system. Faults are
injected by intercepting calls in and out of the runtime as well as by manipulating model state.

The evaluation of the results is two-fold. First, to ensure that all operational sites must commit
exactly the same sequence of transactions by comparing logs off-line after the simulation has finished.
This condition has been met in face of all types of faults listed in Table 3.3 and ensures the safety of the
approach and of the prototype implementation in maintaining consistency. Second, to measure the impact
of faults on the performance of the termination protocol and its ultimate consequences at the transaction
level. Besides crashes, which as expected have a profound impact in performance by disconnecting
a number of clients, the types of faults in Table 3.3 causing more performance degradation are those
causing message losses. Figure 3.8, plots the empirical cumulative distribution functions (ECDF) of
certification latency with 1000 clients. Note the logarithmic scale in the x-axis. It can be observed that
random loss of 5% of messages has much more impact than the same amount of loss in bursts of average
length of 5 messages (uniformly distributed). The long tail of the distribution indicates that a small
number of transactions is taking as much as 10 times more, in the termination protocol, than before.
Table 3.4 shows also an increase in CPU usage by real jobs, showing the extra work by the protocol in
retransmitting messages.

37



Fault type Parameters Implementation

Clock drift rate Scheduled events are scaled up (i.e.
postponed) and elapsed durations mea-
sured are scaled down by the specified
rate.

Scheduling latency distribution A randomly generated delay is added
to events scheduled in the future (i.e.
in which the process is suspended and
scheduled back).

Random loss rate Each message is discarded upon re-
ception with the specified probability.
Models transmission errors.

Bursty loss  average burst lengths ~ Alternate periods with randomly gen-
erated durations in which messages are
received or discarded. Models conges-
tion in the network.

Crash time A node is stopped at the specified time,
thus completely stopping interaction
with other nodes.

Table 3.3: Types of faults injected.

Run Usage
No Faults 1.22
Random Loss  1.90
Bursty Loss 1.89

Table 3.4: Protocol CPU usage (%).

The impact of faults in the quality of service provided to the application should also be measured by
the number of aborted transactions presented in Table 3.5. This is explained by the extra time spent in
the termination protocol. In fact, the random loss tail corresponds to the group protocol blocking a few
times for short periods during the simulation run. Blocking is caused by a combination of three factors:

e The group protocol enforces fairness by ensuring that each process can only own a share of total
available buffering.

e Using a fixed sequencer for ordering messages. This leads to a much larger number of messages
being multicast by one of the participant processes.

e Each round of the stability detection mechanism can only garbage collect contiguous sequences
of messages received by all participants. As loss is injected independently at each participant, the
common prefix of messages received by all processes is dramatically reduced, even with loss rate
as low as 5%. This slows down garbage collection.

It is therefore likely that the buffer share of the sequencer process is exhausted and the whole system
blocked temporarily waiting for garbage collection. The problem is mitigated by increasing available
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3 Sites/1000 Clients

Transaction No Faults Random Loss-5% Bursty Loss - 5%
Delivery 1.41 9.84 4.46
NewOrder 1.46 3.38 1.63
Payment 12.78 22.54 14.15
OrderStatus 243 2.93 1.82
Stocklevel 0.00 0.00 0.00
All 6.72 11.94 7.96

Table 3.5: Abort rates with 3 sites and 1000 clients (%).

buffer space or by allocating a dedicated sequencer process. The ideal solution would be to avoiding the
centralized sequencer.

Note also in Figure 3.8 that the loss of 5% of messages results in delaying 30% to 40% of messages at
the application level. This is a consequence of the total order required by DBSM. This result suggests that
relaxing the requirement for total order [36] is necessary for efficient deployment in wide area networks.

Conclusion: The certification performance is not affected in any way due to high jitter on processing
messages. On the other hand when there are message losses the certification latency increases 10 times
for 20% of the messages. Nonetheless, the degradation of the system as a whole is not directly propor-
tional to the latency increase, as it only shows a slight increase in the abort rate.

3.5.2 Performability: Graceful Degradation

Section 3.5.1 evaluated the termination protocol performance when faults were injected. This section ex-
tends the previous one, by assessing how well do the DBSM-g (fine granularity) and DBSM-SI (snapshot
isolation) protocols variations degrade under faulty conditions. This is done by conducting a performa-
bility study.

Performability embraces two concepts: performance and dependability. It is a composite measure
which is often used to assess if a system is able to degrade gracefully in the presence of faults. If a
system degrades gracefully, it tolerates faults, appearing to be working normally. The study presented in
this section relates to the fault injection by dropping messages, either randomly or where there are bursts.
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The most representative transaction in the TPC-C benchmark is the one that stands for the arrival
of a new order to the system. Then, NewOrder transactions are a good indicator on how the system is
performing. Therefore, one is interesting in measuring the impact on these transactions when the system
is facing adverse conditions. In other words, how graceful does the execution of NewOrder transactions
degrade, in the presence of faults, namely when there are packet losses? Having to retransmit the missing
packets, implies that the replication latency increases, which directly changes the average response times
for the incoming new orders. The performability metric considered to conduct the study is the system’s
ability to commit a NewOrder within the period of time needed to commit 90%, of the same kind of
transactions, when there are no faults at all [45]. Put differently, given L, the average execution latency
of a NewOrder transaction, and 7, as the percentile 90 of the commit time in the faultless system, the
metric considered is the probability: P(L < 7).

DBSM fine granularity and DBSM with snapshot isolation consistency criteria, both in the LAN
environment described in Section 3.2, are the scenarios in which random and bursty drops of messages
are injected. Figure 3.9, depicts the system behavior from the referenced performability metric point
of view. As expected, as the load increases, the probability of committing a NewOrder within the 7
period diminishes. As the system suffers more from retransmissions, the probability decreases almost
exponentially as load is increased. The results show that random drops are worse tolerated than bursty
drops. Note that when there is lite load (270 clients) it is almost 20% worse. Under heavy load, the
system performability values tend to be the same, almost zero, both in the presence of bursty and random
drops.

Although, from the user point of view, an increase in latency, in a milliseconds scale, may not be
perceptible, such growth may influence the response of the entire system, directly in terms of abort rate
and consequently in terms of throughput. In the case that there are bursty drops, the probability of a
NewOrder transaction commits within the 7 period decreases from 60% to 10%. In this case, the abort
rate for the two different variations of the DBSM protocol remain below the 5%. On the other hand,
if one considers random drops, the probability decreases from 40% to almost 5%. Therefore, the abort
rate will increase due to the higher probability of the execution exceed given 7. However, note that
none of the protocol variations shows an abort rate above 10%, even under heavy load (3960 clients).
Figure 3.10(a), depicts the abort rate.

Figure 3.10(b), depicts the throughput of successful new orders per minute that the system is able to
achieve. It shows that there is only one situation in which performance degradation is perceptible. This is
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Figure 3.10: Performance comparison.

the case of DBSM-g random. All the others are not affected considerably in the presence of faults. In fact,
in the cases that snapshot isolation is considered the system does not exhibit degradation at all since, the
abort rate remains below 2% and the throughput matches the one in which there are no faults. One may
conclude that snapshot isolation is more tolerant to latency variations due to network retransmissions
than the other variant (fine grained). The reason is that the SI consistency criteria considers only write-
write conflicts, therefore, despite the increase of network latency, which leads to a larger period of time in
which concurrent transactions may occur, few write-write conflicts do really happen. In the fine grained
consistency criteria, read-write conflicts are detected, hence there is a higher probability that a conflict
occur, when increasing the network latency.

A final remark to the performability of the random drop scenarios. When looking at the abort rate
for the DBSM-SI and DBSM-g, one may find that there is a difference of almost 7%. This difference
should be translated into a smaller value in the probability of committing a NewOrder transaction when
comparing both. What is preventing this from happening is that aborted transactions take less to execute,
and release their resources sooner. This way, DBSM-g system exhibits less contention when compared
to the DBSM-SI. Less contention means less time that transaction have to wait for resources to become
available, hence exhibit smaller execution times. As a consequence, the probability of committing a
transaction within the 7 period of time becomes the same for the two protocols.

Conclusion: It was shown that for the snapshot isolation variant, the system degrades gracefully, both in
the presence of bursty and random drops, despite that in the latter case it suffers most. In the fine grained
variant, the performance degradation of the system is not perceptible in the presence of bursty drops.
However, when random drops are injected, the system is not able to keep up with the performance of the
faultless scenarios.
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Chapter 4

Conclusion

This report aims at evaluating database replication protocols by reviving the concept of centralized sim-
ulation environment. It builds on the work previously conducted in [11] and proposes extensions to the
standard SSF API. These extensions ease the process of setting up and carry on a centralized simulation.

In Chapter 2, the simulation kernel extensions were soundly examined by providing implementation
details. Also, a second contribution was introduced. It consists in a Java library of simulation models
that abstract a database. Often when evaluating database replication protocols, at a middleware level,
the researcher is not interested in the details of the database engine. In fact, he is looking for the engine
outputs. Thence, the DBMS may be abstracted as a simulation model and the complexity of the real
system is then put aside, because it is not significant for the ultimate purpose. The Java library created
provides abstractions which accurately reproduce the behavior of a real DBMS system. It is comprised of
several models which mimic central processing units, storage, database engine scheduler, lock manager
and replication manager. Model tuning was accomplished by validating and calibrating each subset of
abstractions in such a way that results presented show that the simulation is actually comparable to the
real system. The calibration procedure was also thoroughly explained in Section 2.5.

When studying database replication, one needs to take into account the network which allows the
communication between processes in different sites. This brings forth the need of a network as a mean
of message diffusion. The network considered was not physical network. Instead a set of simulation
models provided by the SSFNet library were adopted. As opposed to the database models, these did not
require validation because it had already been extensively done by the authors.

When moving on to Chapter 3 the reader is presented with an evaluation work that illustrates the
performance and reliability of the database replication protocols under study. The evaluation compares
key aspects of several replication protocols in different communication scenarios. It comes up with the
downside of each kind of protocol and tries to overcome them with some optimizations. Results show
that in local area networks, if the protocols are used without being leveraged with the optimizations, the
optimistic family of protocols would always ending up aborting a specific kind of transaction (the long
ones). On the other hand, the conservative family of protocols would generate very high conflict rates,
meaning that queuing effects become dramatic. Therefore transactions would execute in a sequential
manner, rendering the system useless due to the latency overhead. With optimizations, all protocols
behaved more or less the same.

A performability study was also conducted which assessed the performance degradation, when faults
were injected, of two DBSM protocol variations: fine granularity and snapshot isolation. Results show
that DBSM fine granularity suffers most when facing packet losses because latency increases, due to
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packet retransmission, allowing more concurrent transactions to execute. Such phenomena leads to a
higher probability of Read-Write conflicts and consequently to higher abort rates.

As a consequence, the best choice in clusters is likely to be a conservatively synchronized protocols,
such as RAIDb or NODO, as these are likely to provide more stable and predictable performance in face
of long lived transactions and faults, or DBSM, when the application makes it impossible to determine
suitable conflict classes a priori. On the other hand, in wide area networks, optimistic execution, espe-
cially when coupled with snapshot isolation as in DBSM-SI or with latency masking as in WICE is the
best option.
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Appendix A

Distribution Parameter Estimation

Choosing a generic distribution is accomplished by intuitively fit a the generic distribution to the empiri-
cal observation. By looking at the histogram, drawn from the samples, one is able to pick one distribution
that the population following.

Having chosen the distribution, the parameters need to be estimated, hence, the fitdistr function of the
R software project for statistical computation is used. This function analyzes the samples and estimates
the parameters of the given distribution. In order to assess the goodness of the fit, a Q-Q plot must be
drawn. In the Q-Q plots the presented in this section, values of the empirical observation are plotted
against values obtain by sampling the fitted distribution. If the plot shows a steady line, 45 degrees
steep, than data obtained from the empirical observation comes from a population that follows the given
distribution.

The following figures show the fitting of the CPU and storage times, obtained for each one of the
transactions in the TPC-C benchmark.
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Figure A.1: Processing time fitting.
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Appendix B

Real vs Simulation Model

This section details the comparison of the real and simulated run. It compares each transaction in terms
of the considered performance metrics: interarrival, latency. These are depicted in the following figures.
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Appendix C

Usage Examples

C.1 Start

To start a simulation we run:

$ java -cp
.:lib/cernlite.jar:1ib/minhalib.jar:1lib/minhassf.jar:1ib/ssfnet.jar \
SSF.Net.Net 1000000000 dml/AppExample.dml

The SSE.Net.Net class will use the services of the DML library to load the content of the AppExample
dml file. The 1000000000 indicates the maximum simulation time in seconds.

C.2 DML

In the DML file we have two types of definitions: global and host based. Globally we can define the time
resolution (in MinhaSSF is nanosecond), the links between hosts and its delays.

Net [
frequency 1000000000 # 1 nanosecond time resolution (bit on link)

link [attach 1(0) attach 2(0) delay 0.005]

For each host we can define it’s interface bitrate and latency, its application and network stack.

host [
id 1
interface [id 0 bitrate 100000000 latency 0.0]
graph [
ProtocolSession [name app use minha.net.Host

run [
name test.AppExample
arg 0.0.0.2
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ProtocolSession [name socket use SSF.0S.Socket.socketMaster]
ProtocolSession [name udp use SSF.0S.UDP.udpSessionMaster _find

.dictionary.udpinit]

ProtocolSession [name ip use SSF.0S.IP]

The run attributes are main class and its command line arguments, like in the real code.

$ java test.AppExample 0.0.0.2

C.3 Simple Network Hello Application

To show how simple is run a program in MinhaLib, will show the original code and the one using
MinhaLib. Two instances of AppExample are created and each one send a He11o message to the other.

Real code:

package test.real;

public class AppExample

try {

InetAddress

byte[10], 10);

" bytes at "
from "
recv.getPort () + ": "

} catch

import java.net.DatagramPacket;
import java.net.DatagramSocket;
import java.net.InetAddress;

{

public static void main(String[] args) {

int port = 12345;

if (args.length < 1) {
System.out.println("who is my peer?");
return;

DatagramSocket sock = new DatagramSocket (port);

// Send something

byte[] bytes = "Hello".getBytes();

sock.send(new DatagramPacket (bytes, bytes.length,

.getByName (args[0]), port));

// Receive something back
DatagramPacket recv = new DatagramPacket (new

sock.receive (recv);

System.out.println ("Received " + recv.getLength() +
+ System.currentTimeMillis () + "ms
+ recv.getAddress() + ":" +
+ new String(recv.getData()));

(Exception e) {
e.printStackTrace();
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Minhal ib code:

InetAddress

byte[10], 10);

" bytes at "
"ms from "

recv.getPort ()

package test.minha;

import minha.UserSystem;
import minha.net.DatagramSocket;
import minha.net.Application;

try {

import java.net.DatagramPacket;
import java.net.InetAddress;

public class AppExample extends Application {
public void main (String[] args) {

int port = 12345;

if (args.length < 1) {
System.out.println("who is my peer?");
return;

DatagramSocket sock = new DatagramSocket (port);

// Send something

byte[] bytes = "Hello".getBytes();

sock.send(new DatagramPacket (bytes, bytes.length,

.getByName (args[0]), port));

// Receive something back
DatagramPacket recv = new DatagramPacket (new

sock.receive (recv);

System.out.println("Received " + recv.getLength()
+ UserSystem.currentTimeMillis ()
+ recv.getAddress () + ":" +
+ new String(recv.getDatal()));

(Exception e) {
e.printStackTrace () ;

+

+

As we can see, the import statements related with network were replaced by MinhaL.ib classes, now
the class extends Application and the main method being no more static and current time is given by
UserSystem.

Output of AppExample . dml run, here we can see all network configuration and initialization steps.
We can see that the simulation ends (jump to maximum simulation time) when there no more events to
execute.
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## Net

MHz:

[1000000000000000000] MinhaSSF: Simulation time ran out!

CIDR IP Block blé NHI

- 0.0.0.0/29 0x00000000

0 0.0.0.0/30 0x00000000 1(0) 2(0)

NHI Addr CIDR Level IP Address Block $ util
- - 0.0.0.0/29 75.0

* % Using specified 1.0ns clock resolution

——— Phase I: construct table of routers and hosts

——— Phase II: connect Point-To-Point links

——— Phase III: add static routes

config: 2 routers and hosts

## Elapsed time: 0.092 seconds
*+ Running for 1000000000000000000 clock ticks (== 1.0E9 seconds sim time)
Booting host /0.0.0.1...

- starting test.AppExample... Ok
Booting host /0.0.0.2...

- starting test.AppExample... Ok
Calibrating timer:
2020.170

cycles/us: 2020
Using perfctr for timing.
Using perfctr for timing.
Received 5 bytes at 149ms from /0.0.
Received 5 bytes at 153ms from /0.0

.2:12345: Hello
.1:12345: Hello

o O

C.4 Simple Timer Application

The following code is to show that Java concurrent executors also exist in MinhaLib, in this example like

cron tasks.

import
import
import

import
import

import

public

package test.minha;

static java.util.concurrent.TimeUnit .MILLISECONDS;
java.util.concurrent.ScheduledExecutorService;
java.util.concurrent.ScheduledFuture;

minha.UserSystem;
minha.concurrent.Executors;

minha.net.Application;

class AppSchedulerExecutor extends Application {

private ScheduledExecutorService scheduled_executor;
private ScheduledFuture task;
private int count = 1;
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public void main (String[] args) {

this.scheduled_executor =
Executors.newSingleThreadScheduledExecutor () ;

// schedule task

task = scheduled_executor.scheduleAtFixedRate (new Task(), 10, 10,
MILLISECONDS) ;

// schedule end

this.scheduled_executor.schedule (new End(), 100, MILLISECONDS) ;

}

class Task implements Runnable {
public void run() {
System.out.println ("Task (" + (count++) + "): " +
UserSystem.currentTimeMillis ());

class End implements Runnable {
public void run() {
System.out.println ("End: " +
UserSystem.currentTimeMillis ());
task.cancel (true);

Output of AppSchedulerExecutor.dml run, with only application output.

Task (1): 86
Task (2): 93
Task (3): 103
Task (4): 114
Task (5): 123
Task (6): 133
Task (7): 143
Task (8): 153
Task (9): 163
Task (10): 173
End: 177

C.5 Locks Example

The following code is an usual locks example, without network and dml file.

package test.minha;
import java.util.concurrent.locks.Lock;

import minha.UserSystem;

import minha.concurrent.ReentrantLock;
import minha.concurrent.UserThread;
import SSF.Entity;

import SSF.process;
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class LockUser implements Runnable {
Lock 1 =null;
private int idx;
LockUser (Lock 1, int idx) { this.l = 1; this.idx=idx; }

public void run() {
while (true) {

UserThread.sleep(1l);

System.out.println (" [REAL] Locking in "+idx+" at "
+ UserSystem.currentTimeMillis());

1.lock();

System.out.println (" [REAL] Working in "+idx+" at "
+ UserSystem.currentTimeMillis());

// just do something to let the clock advance

for (int i=0; 1i<10000000; i++);

System.out.println (" [REAL] Unlocking in "+idx+" at

+ UserSystem.currentTimeMillis());
l.unlock () ;

class LocksEmbedder extends Entity {
private Lock lock;

public boolean isRealTime () { return true; }

private class runner extends process {
private int idx;
private runner (int idx) {
super (LocksEmbedder.this);
this.idx=1idx;

public void action() {
// SETUP

LockUser re = new LockUser (lock, idx);

// EXECUTE
re.runf();

}i

public LocksEmbedder (int instances) {
this.lock = new ReentrantLock () ;
for (int j=0; j<instances; j++)
new runner (j);

class LocksExample {
public static void main(String[] args) {
try {
int max=2;
if (args.length!=0)
max=Integer.parselnt (args[0]);
LocksEmbedder ree = new LocksEmbedder (max) ;
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ree.startAll1 (1000000000L) ;
ree.joinAll () ;
}

catch (Exception e) { e.printStackTrace(); }

Output of LocksExample. java run.

Calibrating timer:
MHz: 2020.170
cycles/us: 2020

Using perfctr for

Using perfctr for

timing.
timing.

[REAL]
[REAL]
[REAL]
[REAL]
[REAL]
[REAL]
[REAL]
[REAL]
[REAL]
REAL]
REAL]
REAL]
REAL]
REAL]
REAL]
REAL]
REAL]

Locking in O
Locking in 1
Working in O
Unlocking in
Working in 1
Unlocking in
Locking in O
Locking in 1
Working in O

Working in O
Unlocking in
Working in 1
Unlocking in
Locking in O
Locking in 1
Working in O
Unlocking in
Working in 1
Unlocking in

at 6

at 7

at 7

0 at 43
at 44

1 at 70
at 71
at 71
at 71

at 913

0 at 939

at 941

1 at 967

at 968

at 969

at 969

0 at 998

at 998

1 at 1025

[1000000000] MinhaSSF:

Simulation time ran out!
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